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Background
Nonprofit Information and Communication Technology Adoption
Nonprofits play a significant role in providing social services that increase communities'
overall well-being (Ressler et al., 2021; Reckhow et al., 2019; Smith & Phillips, 2016), and
adopting new technologies helps promote these positive outcomes (Hackler & Saxton, 2007).
However, with new technologies emerging at a pace few nonprofit organizations can keep up
with, how do nonprofit leaders decide which technologies to adopt given their limited resources?
This study seeks to understand what factors affect nonprofit leaders' technology adoption
decision-making. Online referral platforms are not new in health or homeless organizations.
Web-based coordinated social service referral tools are more recently integrating health
organizations and the social service nonprofit sector into a coordinated network of service
providers on web-based referral platforms. These platforms provide a more holistic service
delivery model to families1. In addition, web-based referral tools provide coordinated electronic
referral (e-referral) networks that increase referral processes' efficiency and effectiveness, which
increases nonprofits' workflows in this area of organizations' operations. Nonetheless, nonprofits
often lag behind other sectors in technology adoption (Zorn et al., 2011). Nonprofit leaders who
make decisions to adopt web-based referral tools can positively influence mission outcomes
(Boles, 2013; Goldkind, 2017; Hackler & Saxton, 2007; Laporte et al., 2018; Liao et al., 2009;
McDonald, 2007; Mosely & Smith, 2018; Sherry et al., n.d.; Spelhaug & Woodman, 2017).
Using Rogers' Diffusion of Innovations theory as the theoretical foundation, this study seeks to

1

HUD's definition of family (24 CFR § 5.403) is one or more individuals who live together, including non-blood
relatives, unmarried individuals, or people not connected in any other legal way (United States Department of
Housing and Urban Development, 2019).
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understand what factors affect Santa Cruz County health and human service nonprofit
organization leaders' decisions to adopt a newly introduced web-based referral tool.
Ressler et al. (2021) conducted a study on how nonprofits contribute to the well-being of
communities and concluded that "they matter for community-level outcomes" (p.822).
According to Reckhow et al. (2019), "Nonprofits represent a critical component of service
provisions in the United States both currently and historically" (p. 1473). More than ten million
nonprofits and non-governmental organizations exist worldwide, and approximately 1.3 million
United States-based nonprofits are identified as 501(c)3s (Conrardy, 2020). In addition,
Conrardy (2020) states, "The solutions to many of the greatest challenges of our time – from
climate change to cancer – lie in the nonprofit sector. We also know that we need an effective
nonprofit sector now more than ever" (para. 7). According to TaxExemptWorld (2021, May), a
data site with current statistics on nonprofits, there are over 2,500 nonprofits in Santa Cruz
County. An analysis of the nonprofits identified in Santa Cruz County using their National
Taxonomy of Exempt Entities (NTEE) code produced fifty-four nonprofits (Appendix B) with
NTEE descriptions that include health and human service-related codes (Schwencke et al.,
2021).
Health and human service nonprofit organizations (NPO) are arguably among the most
important in promoting community well-being. They provide safety net services that often make
the difference between people simply surviving or helping them to thrive (U.S. Department of
Health and Human Services, 2021; Haslam et al., 2019; Kearney, 2019; Minton & Giannarelli,
2019; Rehan, 2019; Smith & Phillips, 2016). A report by the Urban Institute showed that nearly
one in five people overall, one-third of children, and 75% of people living in poverty, receive at
least one safety net service through a local nonprofit or government agency. These services
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included the most common programs like food, housing, financial, and childcare assistance
(Minton & Giannarelli, 2019). Health and human service nonprofits make vital contributions that
address local needs and build communities that thrive (Francis & Talansky, 2013).
Technology is advancing exponentially, and nonprofits are often not as technologically
innovative as other sectors (Corder, 2001; Hackler & Saxton, 2007; Bipat et al., 2018). With
scarce resources often spread thin among social service nonprofits (Lam, 2020; National Council
of Nonprofits, n.d.), maximizing operational efficiency and effectiveness allows nonprofit
organizations to use their limited resources to assist more families (Boles, 2013). Kuntz (2018)
states, "When organizations commit to examining and improving their day-to-day processes,
they have the potential to dramatically increase their human capital and invest it back into their
mission" (para. 1). Forbes Magazine contributor Madeline Duva (2019) pointed out that
technology "is an essential driver of impact" (para. 8). Studies show that nonprofit organizations
can increase their efficiency and effectiveness, thereby maximizing their mission goals, by using
new information and communication technologies (Boles, 2013; Goldkind, L., 2017; Hackler &
Saxton, 2007; Laporte et al., 2018; Liao et al., 2009; McDonald, 2007; Mosely & Smith, 2018;
Sherry et al., n.d.; Spelhaug & Woodman, 2017). Goldkind (2017) states, "Information and
communication technologies (ICT) have been held up as a means for nonprofit organizations to
be innovative, to address challenges of accountability and transparency, and increasingly to
answer calls for efficiency" (p.207). Unfortunately, some nonprofit leaders' reluctance to adopt
new ICTs, which would optimize the organizations' ability to meet and exceed mission goals,
hinders the agencies' ability to exploit these tools' benefits (Duva, 2019; Lee & Blouin, 2019;
Zorn et al., 2011). Lee and Blouin (2019) go further and boldly claim, "Those organizations that
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are able to innovate and change will thrive and prosper, whereas those that fail to adapt will
decline and perish" (p.363).
However, there is evidence that some NPOs are beginning to position themselves to make
the most of the opportunities ICT adoption offers (Finn et al., 2006). For example, the ICT
software company Salesforce highlighted ten examples of how ICT adoption can help nonprofits
thrive (Ragones, 2020). The following are three of these examples:
1.

A New York nonprofit, Robin Hood, helped combat poverty by investing millions
of dollars in local nonprofits, providing training and support, leveraging data,
advocating for wise policy, and increasing its donor base by 300% by implementing
data integrity software.

2.

Big Brothers Big Sisters of America created a new community platform for 120,000
volunteer mentors by tracking conversations, activities, youth development plans,
and support requests on a single coordinated platform.

3.

The Center is "the heart and home of NYC's LGBT community, providing
programs for health, wellness, and community connection" (para. 14). It met the
40% increase in demand for services during the COVID pandemic by using a chat
support feature on its website that organization leaders had not previously
embraced.

These examples provide a glimpse into what is possible when nonprofit decision-makers lead
technology adoption; however, they are the exception.
Technology Adoption Decision-making Among Nonprofit Leaders.
The environment in which nonprofit organizations exist today demands that nonprofit
leaders embrace technology and innovativeness (Hackler & Saxton, 2007; Jaskyte, 2004;
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Spelhaug & Woodman, 2017; Zorn et al., 2011). According to an article in the Non-profit Times,
nonprofit staff indicated that organization leaders were the most influential in technology
adoption decision-making, followed by the board of directors (Ward, 2019). Empirical research
validates Ward's article and shows that organizations' leaders play a crucial role in technology
adoption (Jaskyte, 2004; Ihm, & Kim, 2021; Lee & Blouin, 2019; Marquez et al., 2020; Slatten,
2012). Leaders' decisions to adopt and support technological innovativeness set the tone for the
rest of the organization (Jaskyte, 2004). Slatten (2012) states, "By understanding what may cause
executive directors and board members to behave as they do, leaders within the organization may
work to achieve beneficial outcomes and engage in organizational improvement activities"
(p.428). Executive directors' responsibilities include leadership of operations, development of the
board of directors, and technological knowledge of systems (Haddad, 2021). In the 1990s, when
the internet was coming of age, research by Armstrong and Sambamurthy (1999) showed that
"the knowledge of the senior leadership and the interactions among them have a significant
influence on firms' IT assimilation" (p. 1). Another study of nonprofit executive directors showed
that leaders' support for new technology was mainly related to the active use of technology
compared to other control variables (Ihm & Kim, 2021). Furthermore, organizations leaders'
perceptions of the importance of using technology (Briones et al., 2011; Hackler & Saxton,
2007; Nah & Saxton, 2013; Zorn et al., 2011) affects their decisions to adopt or reject it (Lee &
Blouin, 2019; Marquez et al., 2020; Slatten, 2012). Therefore, this study seeks to understand
factors affecting web-based social service referral adoption in the nonprofit sector through
survey results from nonprofit leaders throughout Santa Cruz County.
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History of Web-based Coordinated Referral Tools
Traditionally, sending and receiving client referrals to other community health and
human service agencies relied on verbal and paper-based methods (Kim-Hwang et al., 2010). In
the early 1990s, web-based electronic referral systems, or e-referral systems, were introduced in
Finland in primary healthcare settings to improve the quality and efficiency of referrals between
primary and secondary healthcare providers. According to Tian (2011), "Efficient
communications, accurate health information transfer, and knowledge sharing have the potential
to significantly enhance overall health outcomes" (para. 1). The new technology diffused
internationally, with Denmark, Netherlands, Norway, Australia, and New Zealand adopting ereferral systems between 1995 and 2007 (Tian, 2011). One of the case studies that Tian (2011)
discussed was the New Zealand Hutt Valley District Health Board, which adopted e-referral
technology and attributed its success to a commitment from senior management. The study
concluded that e-referral technology helped reduce costs and provided more accurate and
efficient communication, "overall smoothing the patient's journey through the health
community" (para. 29). While it is unclear when web-based referral systems emerged in the
United States, studies evaluating the efficacy of e-referrals beginning in 2009 conclude that
electronic referrals improved healthcare access and quality (Azamar-Alonso, 2019; Fleeger et al.,
2016; Kim et al., 2009; Kim-Hwang et al., 2010; Naseriasl et al., 2015).
More recently, web-based coordinated referral tools, also termed, in part, cross-sector
referral systems, community care coordination systems, and coordinated care networks, are
deemed critical to improving community-level well-being (Hogan et al., 2018; Hovey et al.,
2021; Sherry et al., n.d.). Web-based coordinated referral tools support positive health outcomes
through a "community-level, system approach that connects individuals to health promotion and
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support services" (Hogan et al., 2018. p. 1). Sherry et al. (n.d.) state, "Decades of research have
demonstrated the vital role communities play in generating outcomes related to health and wellbeing" (p.3).
In 2016, across 25 sites, California launched the Whole Person Care program, a
coordinated assessment, and referral system focused on taking a more active role in addressing
California's homeless crisis. The California Association of Public Hospitals and Health Systems
(2019) states,
For people in low-income communities, medical problems can be caused and worsened
by factors related to poverty, such as poor nutrition, lack of safe and stable housing,
incarceration, unemployment, and the chronic anxiety of income insecurity. These
factors, coupled with a fragmented delivery system where services are provided in a
siloed fashion and providers are unable to communicate regularly to coordinate care,
mean patients with complex needs face a range of obstacles when seeking health care
(para.1).
Whole Person Care focuses on two of the most vulnerable populations, people
experiencing homelessness and Medical recipients. One goal of the program is "to build
partnerships and develop infrastructure to coordinate care seamlessly across providers from
multiple sectors to provide tailored, integrated care for high-risk individuals to improve health"
(California Association of Public Hospitals and Health Systems, 2019, para. 2). This philosophy
is spreading nationwide as a mechanism to address and improve the multiple factors, known as
social determinants of health, attributable to overall community well-being (Azamar-Alonso,
2019; Bell et al., 2012; Curry et al., 2017; Fleeger et al., 2016; Kim et al., 2009; Kim-Hwang et
al., 2010, The Build Health Challenge. 2018).
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Social Determinants of Health
The World Health Organization's Global Commission on Social Determinants of Health
and the 2011 World Conference on Social Determinants of Health in Brazil drew attention to
social determinants of health and the critical role policymakers, healthcare providers, and
nonprofits play in producing positive health outcomes. "The World Health Organization defines
social determinants of health as conditions or circumstances in which people are born, grow,
live, work, and age," and "these conditions are shaped by political, social, and economic forces"
(Islam, 2018, p. 1). Poor, or the absence of, policies, unequal economic opportunities, and bad
governance lead to disparate outcomes of social determinants of health.
Social, or human, service nonprofits typically address the social determinants of health,
including food access, economic stability, housing, social connection, education, and safe
neighborhoods. Research shows that collaboration between social services and health
organizations can help people experience positive health outcomes by focusing on both medical
and social needs. According to Sherry et al. (n.d.), "Decades of research have determined the
vital role communities play in generating outcomes related to health and well-being" (p. 3).
Nevertheless, despite this growing body of research and shared understanding, in the United
States, patient dissatisfaction, poor health outcomes, and high healthcare costs are rampant
(Raday et al., 2018). Affirmatively, Roehr (2007) states "The United States is the nation most
dissatisfied with its healthcare system" (p. 956).
A collective understanding of how social determinants influence health outcomes has
emerged in recent years. These social determinants significantly influence individuals' overall
well-being more than medical care alone. Human service organizations are the experts in
addressing these social determinants of health at the local level because they are acutely aware of
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the specific challenges of the populations they serve. The trend toward unifying these formerly
distinct healthcare and human services sectors is now considered a fundamental model for
improving community-level health outcomes (Raday et al., 2018). However, despite this
emerging trend and the critical role the nonprofit sector plays in building healthy communities,
many social service nonprofits lack the financial means to keep pace with health care systems in
technology adoption that supports the health and social service integrated model. Without
financial readiness, the human service nonprofit sector is left behind. As a result, these essential
community-level partnerships between health and human service organizations are challenging
to create and sustain.
The technology company, Unite Us recently expanded into Santa Cruz County. Their
mission is to begin efforts to integrate health and social service providers through their
community action framework designed to "increase and improve relationships among sectors
with the goal of better health and human service coordination" (Sherry et al., n.d. p.2). However,
these efforts have come with challenges (Ellen Dektar & Heather Thompson, Ph.D., personal
communication, November 16, 2021).
State of Adoption of The Unite Us Platform
Unite Us is an information and technology innovation tool known as a coordinated care
network. It is a web-based referral tool that networks cross-sector health and human service
providers through the Unite Us infrastructure. This network allows health and human service
organizations to efficiently and effectively access various social services to serve community
members holistically and equitably (Sherry et al., n.d.). Figure 1 shows the core conditions for
health and well-being that the Unite Us platform seeks to target through partnerships with local
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social service agencies. According to Young and Lezin (2021), these core conditions, or social
determinants of health, are
•

stable and affordable housing

•

safe and just community

•

healthy environments

•

community connectedness

•

thriving families

•

economic security and mobility

•

lifelong learning and education

•

health and wellness
Core Conditions for Health & Well-Being

Fig. 1

Source: Young & Lezin, 2021

The Unite Us technology falls under the broad definition of information and
communication technology (ICT). It allows community health and human service organizations
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to operate within a closed-loop referral system that changes the traditional siloed verbal and
paper-based referral model to a web-based coordinated model (Sherry et al., n.d.). According to
Sherry et al. (n.d.), the Unite Us platform has been adopted nationally in communities across 42
states to "support the acceleration of health and social service care organizations collaborating
across sectors to improve community health" (p. 6). Like other e-referral systems, the Unite Us
platform seeks to make the referral process more effective and efficient for providers and the
people they serve. Efficient and effective online coordinated referral systems help organizations
maximize their ability to make and receive cross-sector referrals by tapping into a network of
community resources and providing multiple service referrals more efficiently (Hogan et al.,
2018; Hovey et al., 2021, Sherry et al., n.d.; The BUILD Health Challenge, 2018). In addition, a
report prepared by the National Opinion Research Center for the U.S. Department of Health and
Human Services indicated that communities networked through the Unite Us platform were
considered exemplary examples of how communities can address the social needs of residents
and improve lives (McConnell, 2021).
According to a recent webinar presented by Optimal Solutions Consulting about the
collective impact of the Unite Us platform in Santa Cruz County, Unite Us has partnered with
over 32 organizations operating more than 65 programs with over 100 users (Young & Lezin,
2021, slide 10). When the Unite Us platform was introduced in Santa Cruz County, outreach
staff contacted social service nonprofit leaders to discuss the benefits of joining the network and
presented demonstrations of how the platform worked. Once organizations' leaders decided to
adopt the new technology and join the network, the organizations' staff were trained by Unite Us
staff. The decision made by the agencies’ leaders on whether to adopt the new technology
initiated the process of the diffusion of the ICT countywide (Brenda Moss, personal
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communication, September 19, 2020; Heather Thompson, Ph.D., personal communication,
January 4, 2022).
The Importance of Understanding ICT and E-referral Adoption by Public Service Leaders
For decades, public service leaders' adoption of information communication technology
(ICT) has played an essential role in the public sector (Emerson et al., 2011; Hodžić et al. 2021;
Liu & Yuan, 2015; Reddick, 2012; Singh, 2019). Through ICT, the dissemination of information
has progressively developed from merely posting agendas and meeting minutes on public
bulletin boards to how local, state, national, and international governments conduct a significant
portion of their business. For example, Emerson et al. (2011) point out that "Now government
sites advertise recreation classes and take enrollments, allow residents and businesses to pay
parking tickets and utility bills, allow tracking of the status of building and other permits, and for
businesses, shows the status of invoices submitted for payment for services rendered to
governments" (p. 68). In 2010, the United States' top leader, President Obama, recognized
technology as essential for job creation and economic growth. According to the Obama White
House archives (The White House, n.d.), his administration created the Internet Policy Task
Force "to bring together industry, consumer groups, and policy experts to identify ways of
ensuring that the Internet remains a reliable and trustworthy resource for consumers and
businesses" (para. 4). In 2014, the Federal Register Modernization Act (H.R. 4195, 2013-2014),
introduced by Republican Congressman Darrell Issa, required the Federal Register to be
published electronically rather than in print. In 2019, the Housing Authority of the County of
Santa Cruz and numerous public housing agencies nationwide introduced online portals for
tenants and landlords. These portals allow instant access to information and forms required to
participate in Housing Authority programs, which streamlines processes making the
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administration of the Housing Choice Voucher and other Housing Authority programs more
efficient (Jenny Panetta, Executive Director, personal communication). These examples highlight
the role of ICT adoption by public service leaders in the public sector. Public agencies and the
nonprofit sector often provide services to the same populations so online coordinated services in
both sectors play a critical role in wholistically addressing communities’ social determinants of
health and promoting health equity (National Academies of Sciences, Engineering, and
Medicine, 2017).
Existing and emerging ICT "has made communication faster and more convenient,
affordable, customized, and interactive than ever before (Emerson et al., 2011, p. 68). Lui and
Yuan (2012) conducted a qualitative study of journal articles on technology adoption in public
management to understand what types of ICT have been adopted by government organizations,
the bidirectional evolutionary relationship between ICT and public administration, and the
implications of this understanding. They concluded that the literature between 1980-2013 found
in leading academic databases showed that electronic public administration, or e-governance,
"has evolved rapidly from rudimentary uses of ICTs as simple tools to support highly structured
administrative work to the integration of ICT throughout government operations'' (p. 140). They
summarized their analysis of the 5627 papers spanning nearly 25 years, stating, "ICT innovations
have introduced great benefits such as the following:"
•

increased effectiveness and efficiency in government operations,

•

integration of government operations across departments, regions, and states,

•

customized service delivery,

•

increased level of communication between public agencies and citizens, and

•

some levels of engagement of the public decision and policy making (p. 147).
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As previously demonstrated, public organization leaders play a vital role in adopting ICT
(Jaskyte, 2004; Ihm, & Kim, 2021; Lee & Blouin, 2019; Marquez et al., 2020; Slatten, 2012). In
the report on implementing community resource referral platforms prepared for the U.S.
Department of Health and Human Services mentioned above, McConnell (2021) stated, "First
and foremost, strong leadership at the central or founding organization was essential. Leadership
helped bring stakeholders together and provided an overarching vision for the project, keeping
diverse partners engaged and committed" (p. 2). The report noted that it is the leaders of
organizations who have the power to "articulate a central message and bring a community of
partners together around a cohesive strategy" (p. 13). In addition, public service leaders can build
consensus and bring other community leaders to the table. The Community Care Coordination
Systems: Technology Supports report (Hogan et al., 2018) discussed the importance of e-referral
systems and public service leaders' role in accelerating the diffusion of the technology that
supports these systems. According to the report, closed-looped e-referral systems that track
exchanges between healthcare providers and social service providers "demonstrated a positive
impact on reducing unmet health-related social needs for low-income families" and listed
leadership as a critical element "to galvanize key community members and develop shared
community goals" (p. 5). Lastly, the report concluded, "leaders can catapult the spread and scale
of effective community care coordination by aligning efforts" (p. 14).
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Literature Review
Technological Innovation Adoption
The scope of technology innovation (TI) adoption research extends to nearly every topic,
from social good (Mao et al., 2020), to firm performance (Bipat et al., 2018; Chen et al., 2020)
and firm growth (Martinez-Alonso et al., 2019), to building sustainable cities (Goi, 2017), and
economic growth (Broughel & Thierer, 2019) to public administration (Liu & Yuan, 2015) and
nonprofit organizations (Jaskyte, 2011; Lee & Blouin, 2019; Lee & Blouin, 2015). The notion of
TI extends the broader concept of innovation. Rogers (2003) defines innovation as "an idea,
practice, or object that is perceived as new by an individual or other unit of adoption" and notes
that the terms "innovation" and "technology" are often used interchangeably (p. 12). Technology
innovation adoption generates opportunities for organizations to increase efficiency and
performance (Chen et al., 2020; Martínez-Alonso et al., 2019; Miranda et al., 2016) and allows
communities to explore ideas faster and more frequently (Goi, 2017). Furthermore, the adoption
of TI benefits communities and organizations through economic growth and enhanced human
well-being (Broughel & Thierer, 2019). Laporte et al., (2018) state, "Done effectively,
technology adoption isn't gadget chasing; it's strategically selected digital tools that empower
staff and stakeholders to deliver on the organization's mission" (para. 3). How do agencies move
beyond gadget chasing and decide what technological innovations will help them better meet
their mission goals? This study addresses that question by exploring how certain factors affect
nonprofit leaders' decisions to adopt new technology with the potential to increase performance
and meet organizational mission goals. Rogers' Diffusion of Innovations theory is the theoretical
basis used in this study to explain, in part, nonprofit leaders' adoption behaviors. Rogers states,
"Getting a new idea adopted, even when it has obvious advantages, is difficult" (p. 1).
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Rogers’ Diffusion of Innovations theory
Numerous theories and models of technology adoption that explain adoption behaviors
exist; however, one of the most widely accepted and relevant to this study is the Diffusion of
Innovations (DOI) Theory (Lee & Blouin, 2019; Koul & Eydgahi, 2017; Taherdoost, 2017;
Wang et al., 2011). According to Lee and Blouin (2019), the DOI theory "is one of the most
important theories used in I.S. [information systems] to help explain the adoption of
technological innovations" (p.364). A central element of Rogers' DOI theory is the innovationdecision process. This element is the focus of this study. Rogers defines the innovation-decision
process as "the process through which an individual (or other decision-making units) passes from
knowledge of an innovation to forming an attitude toward the innovation, to a decision to adopt
or reject it, to implementation of the new idea, and confirmation of this decision” (p. 37). Rogers'
model shown below (Fig.2) presents these five steps (p. 170).
•

knowledge – when an individual (or decision-making unit) becomes aware of the
existence of the new idea and gains some understanding of it
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•

persuasion or attitude – after learning of the new idea, an individual (or decision-making
unit) forms an attitude toward the innovation

•

decision – an individual (or decision-making unit) decides to adopt or reject the new idea

•

implementation – when an individual (or decision-making unit) engages in the use of the
innovation

•

confirmation – after a decision has been made to adopt or reject the innovation, an
individual (or decision-making unit) considers whether to continue using the new
technology or reconsiders and subsequently rejects the idea.
This study is concerned with the decision to adopt or reject web-based referral tools;

therefore, the focus is on the first three communication channels; knowledge, persuasion, and
decision. After an individual or other decision-making unit gains awareness of and forms an
attitude towards innovation, they enter the decision phase. The decision to adopt or reject the
technology occurs during this phase. It is strictly the initial decision to adopt or reject the new
idea. In nonprofit organizations, it is typically the leaders who make the initial decision to adopt
or reject new technology (Jaskyte, 2004; Ihm, & Kim, 2021; Lee & Blouin, 2019; Marquez et al.,
2020; Miranda et al., 2016; Slatten, 2012).
Information and Communication Adoption by Leaders in the Nonprofit Sector
A study conducted by Miranda et al. (2016) used Rogers' Diffusion of Innovations theory
to describe the adoption process of resource planning technology in a Brazilian nonprofit
organization. Their study considered all five factors of Rogers' innovation-decision process as
seen in Figure 2. First, the organization's end users, middle management, and top leaders were
interviewed. Second, the organization's Chief Executive Officer (noted in the study's results by
"DP") was surveyed because the researchers understood that leaders' knowledge of the existence
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of the innovation began with the introduction of the innovation to the organization's CEO
through a presentation by a partner agency. Third, the CEO's insight into the relative advantage
(in this case, ease of use) of the innovation was based on the CEO's knowledge of other systems
on the market. Finally, the study showed that the decision to adopt the innovation was partly
based on the DP's consideration of the benefits it would provide compared to the implementation
difficulties.
Another study, conducted by Lee and Blouin (2019), examined “the primary factors that
influence the adoption and resistance of web-disclosure" (p. 363) through the lens of Rogers'
Diffusion of Innovations theory. The survey instrument "was addressed to the organization
leader" (p. 368). Based on Rogers' (2003) DOI theory and their research, Lee and Blouin (2019)
concluded, "The five characteristics that explain the variation in individual adoption levels are as
follows: (1) relative advantage; (2) compatibility; (3) complexity; (4) trialability; and (5)
observability" (p. 346). Aligning with Lee and Blouin's (2019) study, this study aims to
understand the first three characteristics and how they contribute to Santa Cruz County health
and human service nonprofit leaders' tendencies towards adopting or rejecting the web-based
referral tool recently introduced in the county. The first three characteristics are considered in
this study because Lee and Blouin (2019) state, "researchers have consistently found that relative
advantage, compatibility, and complexity are the most significant attributes of the technology
that are related to adoption" (p.364). Lee and Blouin (2019) developed a model incorporating
Rogers' (2003) adopter characteristics. Based on their research, the model included financial and
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technological readiness and internal

Fig. 3 – Innovation Adoption Model

and external pressure (Fig. 3; to view a
larger image of the model, see
Appendix A). This study uses Lee and
Blouin’s (2019) model because of the
similarities related to technology
adoption decision-making behavior
among leaders in the nonprofit sector.
Lee and Blouin (2019) sought to
understand what factors affect web
disclosure adoption in nonprofits and
medium enterprises. This study seeks

Source: Lee & Blouin, (2019)

to understand factors affecting web-based coordinated referral technology adoption in health and
human service nonprofits. The dependent variable in Lee and Blouin's (2019) model was the
adoption of technology for web disclosure. Following their model, the dependent variable in this
study is the adoption of technology for web-based referrals. The subsequent sections discuss the
indicators of the four factors – awareness and attitude, innovation perception, organizational
readiness, and perceived pressure – as they relate to decision-makers who would adopt or reject
the technology.
Awareness and Attitude: Decision-Makers Characteristics
Before a new technology can be adopted, decision-makers must know that it exists. Lee
and Blouin (2019) state, "According to the diffusion of innovations theory, the innovationdecision process begins when an individual or other decision-making unit becomes aware of an
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innovation's existence and how it functions" (p. 366). As such, the following hypothesis is
proposed.
Hypothesis 1: Agency decision makers’ awareness of web-based coordinated social
service referral tools is positively related to the adoption of the Unite Us platform.
According to Lee and Blouin (2019), “attitude refers to the degree to which an
individual has a favorable or unfavorable appraisal of an innovation” (p. 366). Rogers’ (2003)
DOI theory posits that individuals may seek information and messages that align with their
existing attitudes and beliefs, reinforcing their attitudes. Thus, if an individual already has a
favorable attitude towards a specific innovation, they will likely seek information that agrees
with their existing attitudes and vise-versa. Lee and Blouin’s (2019) research showed that
decision-makers with a more positive attitude toward an innovation are more likely to adopt the
it. Therefore, the following hypothesis is proposed.
Hypothesis 2: The agency decision-maker’s favorable attitude toward web-based
coordinated social service referral tools is positively related to the adoption of the Unite
Us platform.
Innovation Perception: Innovative Decision Process Characteristics
Relative Advantage
The innovation-decision process indicators considered in this study are relative
advantage, complexity, and compatibility. As previously noted, Lee and Blouin (2019) state,
"researchers have consistently found that relative advantage, compatibility, and complexity are
the most significant attributes of the technology that are related to adoption" (p. 364). In
addition, Rogers (2003) defines relative advantage as "the degree in which an innovation is
perceived as being better than the idea it supersedes" (p. 229). As discussed above, research
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suggests that web-based referral tools are a more efficient method for sending and receiving
referrals than traditional verbal and paper-based methods, thus saving time and being
advantageous over traditional inefficient methods. As such, the following hypothesis is proposed.
Hypothesis 3: The perceived relative advantage of a web-based coordinated social
service referral tool is positively related to the adoption of the Unite Us platform.
Complexity
Complexity is "the degree to which an innovation is perceived as relatively difficult to
understand and use" (Rogers, 2003, p. 256). The more difficult a web-based referral tool is to
understand and use, the less likely an agency decision-maker will adopt it. Looking back at the
study conducted by Miranda et al. (2016), new technology is generally introduced to
organizations' leaders through presentations or by other organizations that have already adopted
it. According to Rogers' (2003) theory, once individuals are aware of an innovation, they seek
information and form an opinion about it. The theory further posits that if the innovation is
perceived as complex, adoption is resisted due to a "lack of skills and knowledge" (Lee &
Blouin, 2019, p. 367). The web-based referral tool in this study was introduced to nonprofit
decision-makers through outreach efforts – presentations and collaborative meetings of health
and human service nonprofit leaders – by the company’s team (Heather Thompson, personal
communication, January 4, 2022). Those outreach efforts provided agency decision-makers with
knowledge of how the platform worked and the organizational benefits it could provide. This
research posits that nonprofit leaders who viewed the web-based referral tool as complex and
challenging to use were less likely to adopt the platform. Therefore, the following hypothesis is
proposed.
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Hypothesis 4: The perceived complexity of a web-based coordinated social service
referral tool is negatively related to the adoption of the Unite Us platform.
Compatibility
Rogers (2003) defines compatibility as “the degree to which an innovation is perceived as
compatible with the existing values, past experiences, and needs of potential adopters” (p. 240).
This concept is critical because new technology will likely not be adopted if it does not align
with existing organizational values. For example, if agency leaders place a high value on face-toface contact with clients or clients being able to speak directly with agency staff on the
telephone, then using a web-based referral tool that eliminates these types of interactions would
conflict with the more personal styles of communication leaders value (Brenda Moss and Clay
Kempf, personal communication, August 18, 2021). According to Borkovich et al. (2015),
organizations are more likely to embrace new technology when it aligns with the organizational
culture and the organization’s culture is often heavily influenced by agency leadership.
Additionally, if nonprofit agency leaders are satisfied with the service delivery system currently
in use, they would likely not see the need to adopt new technology and therefore be more
resistant. Thus, the following hypothesis is suggested.
Hypothesis 5: The perceived compatibility of web-based coordinated referral tools is
positively related to the adoption of the Unite Us platform.
Organizational Readiness: Organization Characteristics
Financial Readiness
Lee and Blouin (2019) state, "organizational readiness refers to the level of financial and
technological resources available to the organization" (367). Nonprofits often struggle with
insufficient financial resources necessary to adopt new technologies. Numerous studies identify
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budget size as a barrier to technology adoption (AbouAssi et al., 2016; Finn & Maher, 2009;
Miranda et al., 2016; Slatten 2012; Zorn et al., 2011). According to Finn and Maher (2009), it is
essential to consider the budget size because it is often the most cited barrier to technology
adoption, putting nonprofits at a disadvantage compared to larger organizations. Therefore, the
following hypothesis is proposed.
Hypothesis 6: Financial readiness is positively related to the adoption of the Unite Us
platform.
Technological Readiness.
In addition to financial readiness, nonprofits with higher levels of technological expertise
and sophistication are more inclined to adopt new technologies like the web-based coordinated
referral tool offered by Unite Us. Lee and Blouin (2019) state, "researchers have found that low
levels of I.T. sophistication and technical expertise among SMEs and NPOs impeded I.S.
[information systems] adoption" (p. 367). As such, the following hypothesis is suggested.
Hypothesis 7: Technological readiness is positively related to the adoption of the Unite
Us platform.
Perceived Pressure: Environmental Characteristics
The final factor in Lee and Blouin's (2019) model refers to internal and external
influences from stakeholders. Board members and employees are considered internal
stakeholders. An executive director may get pressure to adopt or reject new technology from
these internal stakeholders. Lee and Blouin (2019) include perceived pressure indicators based
on the stakeholder theory. However, in their study, Lee and Blouin (2019) combine internal and
external indicators and ran the OLS regression with pressure as a single variable. In the current
study, based on prior research (Corder, 2001; Hackler & Saxton, 2007; Iacovou et al., 1995; Zorn
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et al., 2011) internal and external pressure indicators were included in the model as separate,
independent variables. For internal pressure, this study posits the following hypothesis.
Hypothesis 8: Perceived internal pressure to use a web-based coordinated referral tool is
positively related to the adoption of the Unite Us platform.
According to Lee and Blouin (2019) external stakeholders "consist of major donors,
government organizations, and private foundations that are major sources of funding" (p.367),
which is supported by additional research (Corder, 2001; Hackler & Saxton, 2007; Iacovou et al.,
1995; Zorn et al., 2011). In particular to this study, external stakeholders may include other
nonprofit agency leaders who exert pressure to adopt the web-based referral tool because the
more agencies that adopt the tool, the more effective it becomes. Other sources of external
pressure are health care organizations and the Unite Us technology company (B. Moss, Clay
Kempf, and Heather Thompson, PhD, personal communication, May 05, 2021). Therefore, the
following hypothesis is offered.
Hypothesis 9: Perceived external pressure to use a web-based coordinated referral tool
is positively related to the adoption of the Unite Us platform.
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Methodology
This study implements a quantitative methodology, using objective measurements and
the statistical analysis of data collected through a questionnaire using standardized questions
(Welch, & Comer, 2006). Data were collected from a questionnaire designed in Qualtrics and
disseminated electronically via email to Santa Cruz County health and human service nonprofit
leaders. The personally identifiable information collection mechanism was disabled to ensure
data were collected anonymously. IBM® SPSS Statistics software was used as the data analysis
tool. Therefore, the methodology used in this study is derived and modified from the
methodology employed by Lee and Blouin (2019), and uses descriptive statistics and OLS
regression analysis to identify the results of the tested hypotheses.
The list of nonprofits selected to be surveyed in this study (Appendix B) was collected
and cross-referenced by researching publicly available data on ProPublica (Schwencke, 2013),
TaxExemptWorld (2021), and GreatNonprofits (n.d.) websites. Additional information was
obtained during Unite Us webinars and personal communication with the project manager,
Heather Thompson, Ph.D., of a Santa Cruz County local partner agency, Health Improvement
Partnership, and Unite Us Senior Community Engagement Manager, Ellen Dektar. The National
Taxonomy for Exempt Entities (NTEE) is the predominant system used to classify nonprofit
organizations by their field of practice (Fyall et al., 1994). The nonprofits for this study were
selected based on their NTEE code and include organizations with the following NTEEs:
• human services

• multipurpose and other

• food, agriculture, and nutrition

• youth services

• senior centers

• delinquency prevention

• mental health

• education

• housing and shelter
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In addition, crime and legal NPOs were reviewed and selected if, based on website research and
mission statements, it was determined they provided any social type services.
The survey was emailed to agency email addresses obtained online or by calling the
agency phone number and asking for the agency email. In many cases, the survey was emailed
directly to an organization’s Executive Director or other agency leader responsible for making
technology adoption decisions. Executive Directors’ or other agency leaders’ direct emails were
obtained through the following methodologies:
1. Seniors Council of Santa Cruz and San Benito Counties Executive Director, Clay
Kempf
2. Seniors Council of Santa Cruz and San Benito Counties Board Member, Steven
Matzie
3. Telephone calls to the organizations
In cases where leaders’ emails were unknown, the survey link was emailed to the agency
email with instructions that the survey must be completed by a leader in the organization who is
responsible for making or influencing technology adoption decisions either in whole or in part.
One week before the survey was emailed, the agency was contacted by email to advise the
survey link would be emailed the following week with the assurance the survey was anonymous.
The survey link was emailed, and a follow-up email was sent with the survey link included again
and an endorsement letter from a nonprofit leader, Clay Kempf, three weeks after the initial
email.
The model used in this research was adapted from Lee and Blouin’s (2019) research. Lee
and Blouin (2019) refined the model developed by Iacovou et al. (1995). Iacovou et al.’s (1995)
model was tested and extended based on prior research by Bouchard (1993), Pare, and Raymond
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(1991) and Thong (1995). Based on Lee and Blouin’s (2019) model (see Fig. 3 and Appendix
A), four factors, awareness-attitude, innovation perception, organizational readiness, and
perceived pressure, that included nine indicators were used as the independent variables in the
analysis to ascertain their correlational effect on the dependent variable, the decision to adopt
technology for web-based referrals.
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Findings
Results of descriptive statistics of the dependent variable and the nine independent
variables, awareness, attitude, relative advantage, compatibility, complexity, financial readiness,
technological readiness, internal pressure, and external pressure are presented in Table 1.

A total of fifty-four health and human service nonprofits in Santa Cruz County
(Appendix B) were identified. It was discovered that three organizations were closed
permanently due to the COVID pandemic. The survey link was emailed to the remaining fiftyone organizations and three were returned as “undeliverable” due to unknown email addresses.
Unsuccessful attempts were made to obtain a usable email address for the three organizations. Of
the remaining forty-eight, twenty-seven nonprofit leaders responded to the survey however, two
did not answer the dependent variable question, whether their organization adopted the Unite Us
platform. Demographic data collected from respondents are presented in Tables 2-7.
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The data showed nearly 60% of respondents were between 45 and 65 years old (Table 2),
over 90% were White (Table 4) and over 80% identified as non-Hispanic (Table 5). Leaders who
responded to the survey were roughly evenly split between male and female with one respondent
identifying as genderqueer and one respondent who preferred not to say (Table 3). Just over 50%
of respondents were leaders in organizations with less than 20 employees followed by
organizations with between 20 and 49 employees (Table 6). Ten of the organizations that
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responded had budgets between $1m and $2.5m followed by seven organizations reporting
budgets between $2.5m and $10m, six organizations with budgets between $250,000-$999,999.
Finally, three organizations reported annual budgets of $10m or higher (Table 7).
Table 8 shows the frequency and percent of respondents whose organizations adopted the
Unite Us platform
which was used as
the dependent
variable in this study.
A total of 27 agency
leaders responded to
the survey. However, as indicated in the frequency table, two respondents opted out of answering
whether their organization adopted the web-based referral technology. Therefore, the validated
data show 64% of nonprofit leaders indicated their organizations adopted the Unite Us webbased referral technology and 36% indicated their organizations did not adopt the technology as
of the time they responded to this survey.
An OLS regression test was conducted as follows:
Web-based referral technology adoption = ß0 + ß1Awareness + ß2Attitude
+ ß3Advantage + ß4Complexity
+ ß5Compatability+ ß6FinRedi
+ ß7TechRedi+ ß8IntPress
+ ß9ExtPress
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The results are presented in Table 9.

When all independent variables were included in the model, financial readiness produced
a statistically significant finding at the 95% confidence level with an R square of .575. This
means that over 57% of the variation is explained by the model. As such, the results indicate that
a positive relationship exists between an organization’s financial readiness and whether the
organization’s leader adopted the web-based social service referral technology. Therefore, the
number six null hypothesis is rejected because the data show there is a statistically significant
difference in adoption behavior between respondents who perceived their organizations had the
financial readiness to adopt the web-based referral technology and those respondents who
perceived their organizations did not. However, when regression analyses were run separately for
the four factors described in Lee and Blouin’s (2019) model, external pressure also indicated a
statistically significant relationship to the organizations’ leaders’ decision to adopt the platform
(Table 13). Therefore, the number 8 null hypothesis can be rejected as well. The number 8 null
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hypothesis can be rejected because data indicated there was a statistically significant difference
in adoption behavior between respondents who perceived they received external pressure and
respondents who perceived they did not receive external pressure. Both statistically significant
findings may be cautiously generalized to the larger population to help explain social service
nonprofit leaders’ technology adoption decision-making behavior. However, the generalizability
of external pressure is tenuous because the revised simple linear regressions may demonstrate
multicollinearity, meaning the independent variables may be correlated, which is why when the
regression analysis is run with all independent variables external pressure does not demonstrate
significance, but when run separately it does.
Tables 10-13 show the revised simple linear regression analyses of the four factors that
include the indicators associated with each factor. Unlike the previous research suggests (Lee &
Blouin, 2019) this study found no relationship between awareness-attitude (Table 10) or
innovation perception factors (Table 11) and the adoption of the technology. This may be
explained by the small sample size but also may be influenced by the pervasive outreach
strategies employed by the for-profit technology company and the national healthcare system
seeking to expand in Santa Cruz County (Heather Thompson, PhD. & Ellen Dektar, personal
communication, November 16, 2021). The Unite Us outreach team provided at least information
about the web-based referral technology to all the NPOs in this study. As such, all respondents
indicated awareness of the technology. Further explanation of the relevance of this is discussed
in the analysis section below.
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When fewer variables were included in the model, financial readiness became a more
significant predictor of technology adoption. This may be explained by the addition of other
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correlated variables which may help explain some of the variation related to the dependent
variable. Table 12 includes both organizational readiness indicators, financial and technology
readiness, and the significance level of financial readiness as a predictor of technology adoption
is .003. Table 12a shows when financial readiness is the only variable included in the model, the
significance level is .001.
While the model including all independent variables (Table 9) shows external pressure to
be statistically insignificant (.204), Table 13 shows when the perceived pressure factor
indicators, internal and external pressure, are isolated, external pressure shows statistical

significance at .016. When isolated as a single variable, the significance is .004 (Table 13a).
Similar to financial readiness, the small sample size and exclusion of other variables may affect
the significance level of the perceived pressure indicators. In this case, and consistent with the
inclusive regression analysis (Table 9), internal pressure is not a statistically significant predictor
of web-based referral technology adoption for the sample population in this study.
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Financial readiness and external
pressure data were analyzed using frequency
tables. This analysis further highlights the
importance of at least considering financial
readiness and external pressure as possible
predictors of web-based social service referral
technology adoption for this population, Table
14 shows that 75% of agency leaders whose
organizations adopted the Unite Us technology
agreed their organization was financially ready
to do so. Conversely, only 11%, or 1 of 8,
agency leaders felt their organization was financially ready but did not adopt the technology.
Interestingly, for the agency that did not adopt the technology but felt her organization had the
financial ability to do so, the data revealed she perceive she did not receive external pressure
Internal pressure was not predictive of adoption. However, as seen in Table 15, of the agencies
that adopted the Unite Us technology, the data revealed 14 of the 16, or 87.5%, of survey
respondents who adopted the technology, agreed they received external pressure, and two-thirds
of the agencies that did not adopt the technology indicated they did not receive pressure from
external sources.
When a regression analysis of the age demographic data was run (Table 16), no
significant predictors were indicated. However, the age group 25-34 years old, indicated a
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negative trend at .051 significance. Although not statistically significant, the near statistical
significance of this variable stands out. It raises questions about whether age is related to
technology adoption or financial readiness. Are younger versus older nonprofit leaders more or
less likely to perceive their organizations are financially ready to adopt new technologies?
Further research regarding the relationship between age and the adoption of web-based referral
technology should be explored. Demographic data for gender, race, and ethnicity showed no
significant relationships for this sample population. However, once again, this may be attributed
to the small sample size of this study and may be worthy of further research.
In the end, the results of the analysis indicate that the adopted model from Lee and
Blouin (2019) does not fully predict the adoption of technology for web-based referrals by
leaders of NPOs in the Santa Cruz area. However, individual investigation of the indicators from
that model do demonstrate some correlational effects, in particular financial readiness and
external pressure. This result may indicate that the independent variables are correlated and may
indicate the presence of multicollinearity. Multicollinearity exists whenever an independent
variable is highly correlated with one or more of the other independent variables in a multiple
regression equation. Multicollinearity is a problem because it undermines the statistical
significance of an independent variable. This means that Lee and Blouin’s (2019) model may not

39

be as predictive of the phenomenon in question for this population, and more research may be
necessary to identify a more explanatory model for this population. These simple regression
results provide some indication of the mechanisms surrounding the decision to adopt technology
by leaders of NPOs in Santa Cruz County, and require further investigation as the analysis below
demonstrates.
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Analysis
In an environment where innovative web-based referral technologies are assumed to
increase the efficiency and effectiveness of health and human service delivery, it is important to
understand what factors influence nonprofit leaders’ technology adoption decisions. With a
greater understanding of the factors affecting decision-making in this area, nonprofit leaders,
governments, policymakers, and technology innovators can strategize to increase equitable
access to technology tools that integrate health systems with the nonprofit social service sector.
Since the nonprofit sector provides an enormous range of services that specifically target
social determinants of health at the local level, focused research on what influences local health
and human service nonprofit leaders’ technology adoption decision-making can provide valuable
insight. This insight can influence policymakers to rethink funding priorities. Ressler et al.
(2021) state, “politicians and policymakers are increasingly interested in how to measure and
improve subjective well-being of communities” (p. 822), so the political environment is ripe to
receive this type of research. With the potentially primed political environment, how can social
service nonprofit advocates push the issue of funding onto the public agenda?
According to Gerston (2010), triggering mechanisms – whether gradual or instantaneous
– thrust an issue into public view. Once an issue is in the public view, it is more likely to catch
the attention of key actors, such as politicians, social service and nonprofit advocates, nonprofit
leaders, and technology innovators that have the power, influence, and authority to get issues on
the public agenda. The gradual triggering mechanism in play here is the increasing global
understanding that community health and well-being are directly related to social determinants of
health. However, as discussed in the following section, this gradual triggering mechanism has
proved insufficient to increase funding for health and human services. Instead, funding has

41

decreased over the long term. When funding for social services decreases, disparities increase,
particularly for people of color. According to the Centers for Disease Control and Prevention
(2021), “A growing body of research shows that centuries of racism in this country has had a
profound and negative impact on communities of color” (para. 3).
Financial Readiness
As evidence of the importance of social determinants of health has surfaced, and valuebased initiatives that reward healthcare providers through incentive payments for improved
patient health outcomes are increasingly implemented, efforts to integrate healthcare and human
services through shared technology platforms have emerged (Amarashingham, 1999; Cartier,
2020). According to Fichtenberg et al. (2020), “Most of the integration efforts are initiated by
health-sector organizations, funded with health care dollars, or both” (p. 569). Financial
sustainability is a significant challenge to integrated health and human service efforts
(Amarashingham et al., 2018). Health care providers are motivated by financial incentives.
However, social service nonprofits are not receiving the same incentives but are being asked to
participate in coordinated efforts to increase positive community health outcomes, nonetheless.
The data in this study show that financial readiness was a statistically significant
predictor of web-based social service referral technology adoption among the social service
nonprofits in Santa Cruz County. Financial readiness was determined by asking nonprofit leaders
if they felt their organization had an adequate budget to support adopting a web-based social
service referral platform that “advances community health through its coordinated care network”
(Sherry et al., n.d., p. 5). Nonprofit leaders who perceived their organizations had sufficient
financial means were more likely to adopt the new technology. However, nearly 50% of the
survey respondents indicated their organizations were not financially stable enough to commit
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the resources necessary to adopt the new technology. Of that 50%, two-thirds did not adopt the
technology.
Further exploration of why Santa Cruz County social service nonprofit leaders perceived
their organizations were not financially stable enough to commit the resources necessary to adopt
the newly introduced web-based referral technology revealed it was not the cost of the
technology platform itself but the financial costs associated with staff resources and training. The
web-based technology was offered to Santa Cruz County social service nonprofits free of cost,
and the company even provided incentive stipends to organizations that were among the first to
adopt the platform. Most agencies' big challenges and hesitancies are that state (and sometimes
local) governments push everyone to their chosen product or data management system, creating a
reluctance to invest time or resources in other products. For example, the California Department
of Aging has discussed the statewide adoption of a singular comprehensive database for all Area
Agencies on Aging. Making this switch will put organizations in conflict with whatever systems
they are currently using (Clay Kempf, personal communication, April 15, 2022).
Another example of the pressure from governments is, the California Continuums of Care
are required to report data through Homeless Management Information System (HMIS), and
there are currently six different vendors throughout California. Nonprofit and health
organizations alike are being inundated with new technology, with little consistency and
integrative compatibility, producing new technology exhaustion (Clay Kempf, Personal
communication, April 15, 2022). Service providers look at new products and even try them out,
but the enthusiasm and buy-in are short-lived because of the technology exhaustion. The result is
that line staff – those who ultimately might benefit most from using the new tool – are not
adequately engaged in it or trained in its use. Therefore, data measuring the efficacy of
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innovative technologies may not be indicating positive results which may also contribute to
technology exhaustion. Nonprofit leaders do not want to invest staff resources in making an
operational switch when the long-term viability of any new tool is questionable. “Too many
competing products, or at least too many competing threats to change the system, are out there”
(Clay Kempf, personal communication, April 15, 2022).
Web-based referral technology increases the likelihood that families’ social needs are met
by expanding cross-sector referrals that integrate health and social services to improve social
determinants of health. According to Cartier et al. (2020), “Health care organizations are
increasingly implementing programs to address patients’ social conditions. To support these
efforts, new technology platforms have emerged to facilitate referrals to community social
service organizations” (p.662). However, what about those organizations without the financial
readiness to adopt such technology? It is essential to understand how nonprofits are funded and
the impact that their level of financial readiness has on their decision to adopt technology that
supports health and human service integration.
Grants have historically funded nonprofit human service organizations. According to
Hrywna (2019), “Overall, 80 cents of every dollar of nonprofit revenue in the United States
comes from government grants or contracts and fees for services” (para. 4). For example, in
California, The California Department of Community Services & Development provides funding
to health, housing, and social service organizations through Community Service Block Grants
(CSBG), allocated to states by the federal government. However, an analysis conducted by the
Center on Budget and Policy Priorities concluded, “Funding for housing, health, and social
services block grants has fallen significantly over time, an examination of several decades of
budget data demonstrates” (Reich et al., 2017. p. 1).
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Figure 4 shows the
significant decrease in funding
since 2000. Furthermore, the
report indicates that social
service block grant funding has
decreased 73% since its
inception in 1987 and 81% when
adjusted for inflation.
Interestingly, when there is a
national crisis like the 2008
recession (spike seen in Fig. 4) and the 2020 COVID pandemic (Mackey, 2022), sharp increases
in CSBG funding becomes available and is funneled to health and human services. For example,
the CARES Act of 2020 provided $1 billion in additional CSBG funding (California Community
Action Partnership Association, 2020). These spikes in funding highlight that the federal
government can, and does, find the money to increase funding for health and human services
when there is an instantaneous triggering event, like the COVID pandemic and the great
recession, that thrusts issues onto the public agenda. However, there has been a continuous
decrease in available funding for the critical entities charged with improving community health.
This brings into question funding priorities during normal times. Local, state, and federal
governments depend on nonprofits to provide many social services to individuals and families
that would be more costly if provided by governments or for-profit organizations. Equally, the
nonprofit sector depends on local, state, and federal governments for a significant portion of their
operating budgets through grants and contracts (National Council of Nonprofits, n.d.). The

45

partnership exists but the power lies with the funders and social service nonprofits continue to
have to do more with less.
The California Association of Nonprofits, CalNonprofits, is a statewide organization of
nonprofits that advocate for investment in community-based organizations and the people they
serve. According to the CalNonprofit website, California’s 80,000 nonprofits are “economic
drivers, leaders in innovations, and champions for hope and opportunity” (California Association
of Nonprofits, 2019, para. 12). The number one policy priority of CalNonprofit is to advocate for
sufficient public investment in communities (California Association of Nonprofits, 2021). With
emerging value-based incentive programs, health care organizations get paid for positive health
outcomes. In contrast, human service organizations, “which have historically been funded by
grants – are often not well prepared to enter into service contracts with health care organizations,
especially if the former are being asked to document health outcomes” (Fichtenberg et al., 2020,
p. 570).
Therefore, data-driven research and studies such as this one can provide advocacy groups
like CalNonprofit with the valuable information necessary to justify the level of funding required
to propel and sustain the health and human service integrated model critical to improving the
social determinants of health in all communities.
External Pressure
In addition to financial readiness, this study indicated a statistically significant
relationship between external pressure and Santa Cruz County social service nonprofit leaders’
decisions to adopt the newly introduced web-based referral technology. The sources of external
pressure nonprofit leaders were experiencing came from other nonprofit leaders interested in the
technology, health care organizations, and the for-profit technology company that introduced the
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technology in Santa Cruz County (Brenda Moss and Clay Kempf, personal communication,
December 18, 2021).
Web-based social service referral tools are most effective when the entire population of
health and human service organizations in a community adopts the technology. The whole idea is
to have a coordinated network of area-wide health and human service providers that can send
and receive referrals through the coordinated web-based technology and simultaneously track
outcomes to multiple service providers. Typically, people with poor health outcomes who are the
focus of this type of integrated model, have co-occurring health issues and co-occurring social
needs. For example, an individual may seek medical attention for pain in his lower extremities.
His medical doctor discovers he has diabetes. His medical team uncovers that chronic pain
causes depressive episodes. They also discover he has a poor diet because he states fresh fruits
and vegetables cost too much, so he relies on inexpensive processed foods from grocery stores
that are the least expensive. He tells his medical team he cannot exercise due to the pain and has
no access to reliable transportation to get to his medical appointments. This individual needs
referrals to mental health, transportation, food and nutrition, diabetic educational classes, and
exercise classes. When using the traditional model of sending and receiving referrals, the health
care team makes numerous telephone calls and sends numerous emails to cover the entirety of
services necessary for this individual. This referral method requires additional emailing and
telephone calls to follow-up to make sure the receiving agencies made contact with the referred
client. In other words, this method of sending and receiving referrals is time-intensive if
assurance that the referral is received and acted upon. However, suppose a web-based
coordinated social service referral tool was available. In that case, the health care team could
make all the necessary referrals at one time and track the outcomes of those referrals. However,
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this could only occur if all the necessary service providers were available and engaged on the
network. “This type of web-based referral technology only works if enough organizations
participate in the network” (Ellen Dektar, personal communication, February 12, 2022). It makes
sense that the organizations most enthusiastic about the need for and efficacy of this technology
would encourage, or exert pressure upon, those organizations that were equivocating about
whether their organization would adopt the Unite Us platform. Referring to Table 15 above, of
the agencies that indicated they received external pressure, 82% adopted the technology.
Literature Comparison
This study was primarily modeled after Lee and Blouin’s (2019) study of factors
affecting the adoption of web disclosure practices in the nonprofit sector. The dependent variable
in Lee and Blouin’s (2019) study was web disclosure, defined as “the extent that NPOs are
currently disclosing key financial, performance, and governance information on their own public
websites” (p.366). Adoption of web disclosure is different from the adoption of web-based
referral technology in that web disclosure is a management strategy, and web-based referral
technology is an operational tool. However, the similarity is that the dependent variable in both
studies relates to innovative technology adoption behavior, whether the nonprofit leader made or
influenced the decision to adopt the innovative technology, either web-disclosure or a web-based
referral tool, for their respective organizations.
As discussed above, innovative technology is a broad term that includes information
systems technology, information technology, and systems technology. Therefore, both studies
aimed to expand the existing research on information systems or information technology
adoption in the nonprofit sector. In addition, both studies used Rogers’ (2003) Diffusion of
Innovations theory as the theoretical foundation.
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Another similarity between Lee and Blouin’s (2019) and the current study is the samples’
target population – nonprofit leaders. Lee and Blouin (2019) sought to understand the
respondents’ perceptions of the factors laid out by Rogers (2003) and discussed above.
Interestingly, unlike Lee and Blouin (2019), this study found no statistically significant
relationship between adoption and attitude or adoption and compatibility. The lack of statistical
significance for these factors in this study may be explained by the difference in the dependent
variables’ effects on the nonprofit. The adoption of innovative web-based referral technology
affects service delivery productivity. Conversely, adopting innovative web disclosure technology
affects organizational transparency and accountability, which increases public confidence, trust,
and investment in nonprofits. Gaining public trust, confidence, and investment is critical and the
aspiration of most nonprofit leaders. However, disclosing information about the organizational
financial status and governing practices is not necessarily comfortable for all NPO leaders
(Brenda Moss, personal communication, August 18, 2021; Clay Kempf, personal
communication, April 13, 2022). Additionally, some NPO leaders may have come from the forprofit sector where financial and other organizational information is not public knowledge.
Although in the nonprofit sector it is, as one of Lee and Blouin’s (2019) respondents stated, “I
know it is public information, but if someone needs it, they can just ask” (p.369).
Differences in findings regarding compatibility were challenging to assess. The Lee and
Blouin (2019) study had a much larger sample size which may have contributed to their
significant findings. This study showed that 75% of the respondents who agreed the technology
was compatible with their organization’s existing referral processes adopted the Unite Us
platform (Appendix C). However, the lack of statistical significance for this variable in the
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regression analysis indicates that compatibility does not explain enough of the variation in
adoption behavior for this population.
Lee and Blouin (2019) and this study both indicated a relationship between financial
readiness and adoption of innovative technology. Nonetheless, a study by Iacovou et al. (1995),
which Lee and Blouin (2019) referenced, indicated that greater overall organizational readiness,
including technological and financial readiness, did not necessarily lead to higher adoption of
their dependent variable, electronic data interchange. Rather, they found that “current adopters
are, on average, larger than non-adopters. This is not surprising because size, especially in
financial measures, should indicate the resources available to the firm” (Iacovou et al., 1995,
p.477).
A similarity between this and the Iacovou et al. (1995) study was the relationship
between external pressure and technology adoption. In both cases, the statistically significant
relationship could be attributed in part to dependence. Firms in the Iacovou et al. (1995) study
that were highly dependent on government organizations were more likely to adopt the
technology. In this study, the success of the technology was dependent on other NPOs’ adoption
of the technology. Therefore, NPO leaders who were inclined to adopt the technology, and did,
exerted pressure on other NPO leaders to do the same. As previously stated, in this study, 75 %
of NPO leaders who received external pressure adopted the technology.
Limitations
First, this study was limited to social service nonprofits in the County of Santa Cruz that
were identified through online resources which produced a population of fifty-four organizations.
Several organizations were no longer in business and three did not have a usable email. This
limited the total population to forty-eight organizations. Second, the number of questions on the
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questionnaire was deliberately kept to a minimum which limited the number of indicators for
each item and corresponding factor. Limited indicators may have affected the overall
significance of the corresponding factors. However, additional questions may have limited the
number of responses. Third, because the sample was not randomly selected, sample bias may or
may not exist. Fourth, the potential for multicollinearity limits the generalizability of this study
to the larger population. Lastly, while the studies used as the basis for this research were similar
in many respects, they were not specific to web-based social service referral technology. Future
research could build on this study using a revised model, a larger sample size, a more detailed
survey, and consideration of comparing and controlling for demographic data such as age,
gender, and race, and web-based referral technology adoption. In addition, since prior research
and data in this study indicate a positive relationship between financial readiness and technology
adoption behavior, further research of the social service nonprofit sector focusing on budget size
compared to the number of employees and web-based referral technology adoption would
meaningfully contribute to the literature for this population.
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Conclusion
As the nonprofit sector continues to provide many of the services that local governments
once provided, public administrators and policymakers must create intelligent policies that
recognize the importance of the nonprofit sector and fund them accordingly. Nonprofit leaders
play a significant role in technology adoption decision-making, and up-to-date technology is
critical for nonprofits to provide the essential social services that address the social determinants
of health effectively and efficiently. Unfortunately, one area of organizational planning where
the nonprofit sector often falls short is technology adoption strategies. This lack of technology
strategic planning is not because nonprofit leaders are not aware of the importance of innovative
technology or have negative attitudes towards it. Instead, as this study showed, their
organizations do not have the financial ability to commit the resources necessary to research,
adopt, and implement new technologies.
Emerging research indicating the criticality of health and human service integration that
seeks to address social determinants of health from a holistic approach highlights the necessity of
web-based referral technology adoption in the social service nonprofit sector. Social service
nonprofits typically operate on insufficient budgets, so making the best use of innovative
technology allows them to maximize their limited resources. Results of this study showed that
financial readiness and external pressure were statistically significant indicators of web-based
referral technology adoption among social service nonprofits in Santa Cruz County. These
findings support the justification for increased funding for social service nonprofits. With
sufficient funding, leaders of these nonprofits may be more willing to adopt web-based referral
technologies that allow their organizations to participate in the health and human service
integration systems expanding throughout communities in California and the United States.

52

References
AbouAssi, K., Makhlouf, N., & Whalen, P. (2016). NGOs’ resource capacity antecedents for
partnerships: Capacity as an antecedent for partnerships. Nonprofit Management and
Leadership, 26(4), 435–451. https://doi.org/10.1002/nml.21200
Amarashingham, Xie, B., Karam, A., Nguyen, N., & Kapoor, B. (2018). Using community
partnerships to integrate health and social services for high-need, high-cost patients. Issue
brief (Commonwealth Fund), 2018, 1–11.
Armstrong, C. P., & Sambamurthy, V. (1999). "Information technology assimilation in firms: the
influence of senior leadership and IT infrastructures." Information Systems Research,
10(4). Gale Academic OneFile,
link.gale.com/apps/doc/A99733329/AONE?u=csusj&sid=bookmarkAONE&xid=88ad2e07
Azamar-Alonso, A., Costa, A. P., Huebner, L.-A., & Tarride, J.-E. (2019). Electronic referral
systems in health care: A scoping review. Clinic Economics and Outcomes Research,
Volume 11, 325–333. https://doi.org/10.2147/CEOR.S195597
Bell, D. S., Straus, S. G., Wu, S., Chen, A. H., Kushel, M. B. (2012). The use of electronic
referral system to improve outpatient primary care – specialty care interface. RAND
Corporation. Retrieved from https://digital.ahrq.gov/ahrq-funded-projects/use-electronicreferral-system-improve-outpatient-primary-care-specialty-care
Bipat, S. Sneller, L.; Visser, J.; & Rouwelaar, H. (2018). Understanding the relationship between
information technology capability and organizational performance. Research-in-Progress
Papers. 41. https://aisel.aisnet.org/ecis2018_rip/41

53

Boles, B. (2017). Technology’s role in the nonprofit sector: Increasing organizational
effectiveness and efficiency through technology innovations.
https://doi.org/10.7916/D87372D3
Bouchard, L. (1993), Decision criteria in the adoption of EDI. Proceedings of the Thirteenth
International Conference on Information Systems, Orlando, FL (pp. 365-376).
Briones, R. L., Kuch, B., Liu, B. F., & Jin, Y. (2011). Keeping up with the digital age: How the
American Red Cross uses social media to build relationships. Public Relations Review,
37(1), 37–43. https://doi.org/10.1016/j.pubrev.2010.12.006
Broughel, J., & Thierer, A. (2019). Technological innovation and economic growth: A brief
report on the evidence. Mercatus Research. Retrieved from
https://www.mercatus.org/publications/entrepreneurship/technological-innovation-andeconomic-growth
California Association of Public Hospitals and Health Systems. (2019). Whole person care
makes progress in care coordination; Improving care for vulnerable patients. Retrieved
from https://caph.org/2019/11/19/whole-person-care-makes-progress-in-carecoordination-improving-care-for-vulnerable-patients/
California Association of Nonprofits. (2019). Causes count: The economic power of California’s
nonprofit sector.) Retrieved from chromeextension://efaidnbmnnnibpcajpcglclefindmkaj/viewer.html?pdfurl=https%3A%2F%2Fc
alnp.memberclicks.net%2Fassets%2Fdocs%2FCausesCountDownloads%2FCausesCount
-NewFindings-2019.pdf&clen=6717160&chunk=true
California Association of Nonprofits. (2021). Calnonprofits policy framework. CalNonprofits.
Retrieved March 31, 2022, from https://calnonprofits.org/public-policy/policy-framework

54

California Community Action Partnership Association. (2020, March 31). $1 billion in
additional CSBG funding. CalCAPA. Retrieved April 16, 2022, from
https://calcapa.org/1-billion-in-additional-csbg-funding/
Cartier, Y., Fichtenberg, C., & Gottlieb, L. M. (2020). Implementing community resource
referral technology: Facilitators and barriers described by early adopters: A review of
new technology platforms to facilitate referrals from health care organizations to social
service organizations. Health Affairs, 39(4), 662–669.
https://doi.org/10.1377/hlthaff.2019.01588
Centers for Disease Control and Prevention. (2021, November 24). Racism and health. Centers
for Disease Control and Prevention. Retrieved April 3, 2022, from
https://www.cdc.gov/healthequity/racism-disparities/index.html
Chen, Q., Wang, C.-H., & Huang, S.-Z. (2020). Effects of organizational innovation and
technological innovation capabilities on firm performance: Evidence from firms in
China’s Pearl River Delta. Asia Pacific Business Review, 26(1), 72–96.
https://doi.org/10.1080/13602381.2019.1592339
Conrardy, A. (2020, January). 2020 Nonprofit Stats: A few things that might surprise you about
the nonprofit sector. Prosper Strategies. Retrieved from https://prosperstrategies.com/2020-nonprofit-stats/
Corder, K. (2001). Acquiring new technology: Comparing nonprofit and public sector agencies.
Administration & Society, 33(2), 194–219. https://doi.org/10.1177/00953990122019730
Curry, S. R., van Draanen, J., & Freisthler, B. (2017). Perceptions and use of a web-based
referral system in child welfare: Differences by caseworker tenure. Journal of

55

Technology in Human Services, 35(2), 152–168.
https://doi.org/10.1080/15228835.2017.1330725
Duva, M. (2019, November 5). Technology improves nonprofit sector growth. Forbes
Technology Council: Council Post. Retrieved from
https://www.forbes.com/sites/forbestechcouncil/2019/11/05/technology-improvesnonprofit-sector-growth/?sh=53ba78051e75
Emerson, K., Nabatchi, T., & Balogh, S. (2012). An integrative framework for collaborative
governance. Journal of Public Administration Research and Theory, 22(1), 1–29.
https://doi.org/10.1093/jopart/mur011
Fichtenberg, C., Delva, J., Minyard, K., & Gottlieb, L. M. (2020). Health and human services
integration: Generating sustained health and equity improvements. Health Affairs, 39(4),
567-573. http://dx.doi.org/10.1377/hlthaff.2019.01594
Finn, S., Maher, J. K., & Forster, J. (2006). Indicators of information and communication
technology adoption in the nonprofit sector: Changes between 2000 and 2004. Nonprofit
Management and Leadership, 16(3), 277–295. https://doi.org/10.1002/nml.107
Fleeger, E. W., Bottino, C. J., Pikcilingis, A., Baker, B., Kistler, E., Hassan, A. (2016, May 27).
Referral system collaboration: Between public health and medical systems: A population
health report. [Discussion Paper]. National Academy of Medicine. Retrieved from
https://nam.edu/referral-system-collaboration-between-public-health-and-medicalsystems-a-population-health-case-report/
Francis, A., & Talansky, J. (2013). Small nonprofits solving big problems. Nonprofit Finance
Fund. Retrieved from https://nff.org/report/small-nonprofits-solving-big-problems

56

Fyall, R., Moore, M. K., & Gugerty, M. K. (2018). Beyond NTEE codes: Opportunities to
understand nonprofit activity through mission statement content coding. Nonprofit and
Voluntary Sector Quarterly, 47(4), 677–701. https://doi.org/10.1177/0899764018768019
Gerston, L., N. (2010). Public Policy Making: Process and Principles. New York: M.E. Sharpe.
Goi, C. L. (2017). The impact of technological innovation on building a sustainable city.
International Journal of Quality Innovation, 3(1), 6. https://doi.org/10.1186/s40887-0170014-9
Goldkind, L. (2017). Nonprofit 2.0: Hardware, software, shareware: Opportunities and
challenges in the digital age. In Congress, E. P., Luks, A., & Petit, F. (Eds.) Nonprofit
Management: A Social Justice Approach. New York: Springer Publishing Company.
GreatNonprofits, (n.d.). Charity and nonprofit reviews and ratings on Greatnonprofits.org by
volunteers, donors, clients on GreatNonprofits. Nonprofit and Charity Reviews and
Ratings. (n.d.). Retrieved April 27, 2022, from
https://greatnonprofits.org/organizations/browse
Hackler, D., & Saxton, G. D. (2007). The strategic use of information technology by nonprofit
organizations: Increasing capacity and untapped potential. Public Administration Review,
67(3), 474–487. https://doi.org/10.1111/j.1540-6210.2007.00730.x
Haddad, D. (2021, October 15). Do you have the right stuff to be a nonprofit leader? LinkedIn.
Retrieved from https://www.linkedin.com/pulse/do-you-have-right-stuff-nonprofitleader-duke-haddad-ed-d-cfre
Haslam, A., Nesbit, R., & Christensen, R. K. (2019). The dynamic impact of nonprofit
organizations: Are health-related nonprofit organizations associated with improvements

57

in obesity at the community level? Nonprofit Policy Forum, 10(3).
https://doi.org/10.1515/npf-2018-0040
Hodžić, S., Ravšelj, D., & Alibegović, D. J. (2021). E-government effectiveness and efficiency
in EU-28 and COVID-19. Central European Public Administration Review, 19(1), 159–
180. https://doi.org/10.17573/cepar.2021.1.07
Hogan, L., Chang, D., Gratale, D., & Gertel-Rosenberg, A. (2018). Community care
coordination systems: Technology supports. Nemours National Office of Policy &
Prevention. Retrieved from http://www.movinghealthcareupstream.org/wpcontent/uploads/2018/09/FINAL_Nemours_CommCareSysTechSupp.pdf
Hovey, L., Dinger, R., Desani, P., Norris, J., Dhopeshwarkar, R., & Dullabh, P. (2021). Social
determinants of health data sharing at the community level. Office of the Assistant
Secretary for Planning and Evaluation. Retrieved from
https://aspe.hhs.gov/sites/default/files/migrated_legacy_files//199726/socialdeterminants-health-data-sharing.pdf
H.R.4195 - 113th Congress (2013-2014): Federal Register Modernization Act. (2014, July 15).
https://www.congress.gov/bill/113th-congress/house-bill/4195
Hrywna, M. (2019, September 19). 80% of nonprofits' revenue is from government, fee for
service. The NonProfit Times. Retrieved April 2, 2022, from
https://www.thenonprofittimes.com/news/80-of-nonprofits-revenue-is-from-governmentfee-for-service/
Iacovou, C. L., Benbasat, I., & Dexter, A. S. (1995). Electronic Data Interchange and Small
Organizations: Adoption and Impact of Technology. MIS Quarterly, 19(4), 465.
https://doi.org/10.2307/249629

58

Ihm, J., & Kim, E. (2021). When Nonprofit Organizations Meet Information and Communication
Technologies: How organizational culture influences the use of traditional, digital, and
sharing media. VOLUNTAS: International Journal of Voluntary and Nonprofit
Organizations, 32(3), 678–694. https://doi.org/10.1007/s11266-021-00335-9
Islam, M. M. (2019). Social determinants of health and related inequalities: Confusion and
implications. Frontiers in Public Health, 7, 11. https://doi.org/10.3389/fpubh.2019.00011
Jaskyte, K. (2004). Transformational leadership, organizational culture, and innovativeness in
nonprofit organizations. Nonprofit Management and Leadership, 15(2), 153–168.
https://doi.org/10.1002/nml.59
Jaskyte, K. (2011). Predictors of administrative and technological innovations in nonprofit
organizations. Public Administration Review, 71(1), 77–86.
https://doi.org/10.1111/j.1540-6210.2010.02308.x
Kearney, M. S. (2019, June 7). To thrive, American children need a stronger safety net.
Retrieved from https://www.brookings.edu/opinions/to-thrive-american-children-need-astronger-safety-net/
Kim, Y., Chen, A. H., Keith, E., Yee, H. F., & Kushel, M. B. (2009). Not perfect, but better:
Primary care providers’ experiences with electronic referrals in a safety net health
system. Journal of General Internal Medicine, 24(5), 614–619.
https://doi.org/10.1007/s11606-009-0955-3
Kim-Hwang, J. E., Chen, A. H., Bell, D. S., Guzman, D., Yee, H. F., & Kushel, M. B. (2010).
Evaluating electronic referrals for specialty care at a public hospital. Journal of General
Internal Medicine, 25(10), 1123–1128. https://doi.org/10.1007/s11606-010-1402-1

59

Koul, S., & Eydgahi, A. (2017). A systematic review of technology adoption frameworks and
their applications. Journal of Technology Management & Innovation, 12(4), 106–113.
https://doi.org/10.4067/S0718-27242017000400011
Kuntz, L. (2018, December). Work the process: Four keys to maximizing limited resources.
Philanthropy News Digest. Retrieved from
https://philanthropynewsdigest.org/columns/the-sustainable-nonprofit/work-the-processfour-keys-to-maximizing-limited-resources
Lam, M. (2020). Public leadership under resource constraints: An examination of the U.S.
nonprofit sector. Journal of Leadership Studies, 14(1), 89–95. Retrieved from
https://doi.org/10.1002/jls.21686
Laporte, S., Kelly, D., & Agbabiaka, T. (2018, May 29). Can technology transform the nonprofit
sector? Yale Insights, online. https://insights.som.yale.edu/insights/can-technologytransform-the-nonprofit-sector
Lee, R. L., & Blouin, M. C. (2019). Factors affecting web disclosure adoption in the nonprofit
sector. Journal of Computer Information Systems, 59(4), 363–372.
https://doi.org/10.1080/08874417.2017.1370988
Lee, R. L., & Joseph, R. C. (2013). An examination of web disclosure and organizational
transparency. Computers in Human Behavior, 29(6), 2218-2224.
https://doi.org/10.1016/j.chb.2013.05.017
Liao, C., Palvia, P., & Chen, J.-L. (2009). Information technology adoption behavior life cycle:
Toward a Technology Continuance Theory (TCT). International Journal of Information
Management, 29(4), 309–320. https://doi.org/10.1016/j.ijinfomgt.2009.03.004

60

Liu, S. M., & Yuan, Q. (2015a). The evolution of information and communication technology in
public administration: Technology innovation and the evolution of public administration.
Public Administration and Development, 35(2), 140–151.
https://doi.org/10.1002/pad.1717
MacKay, N., Parent, M., & Gemino, A. (2004). A model of electronic commerce adoption by
small voluntary organizations. European Journal of Information Systems, 13(2), 147–
159. https://doi.org/10.1057/palgrave.ejis.3000491
Mackey, R. (2022, January 13). Support the Community Services Block Grant (CSBG). National
Association of Counties. Retrieved April 2, 2022, from
https://www.naco.org/resources/support-community-services-block-grant-csbg1#:~:text=Most%20CSBG%20funding%20is%20distributed,eligible%20public%20or%2
0private%20entities.
Mao, C., Koide, R., Brem, A., & Akenji, L. (2020). Technology foresight for social good: Social
implications of technological innovation by 2050 from a Global Expert Survey.
Technological Forecasting and Social Change, 153, 119914. Retrieved from
https://doi.org/10.1016/j.techfore.2020.119914
Marquez, A., Cianfrone, B., & Kellison, T. (2020). Factors affecting leaders’ adoption of
innovation: An analysis of high school athletic directors and digital ticketing. Sports
Innovation Journal, 1, 152–171. https://doi.org/10.18060/24342
Martínez-Alonso, R., Martínez-Romero, M. J., & Rojo-Ramírez, A. A. (2019). The impact of
technological innovation efficiency on firm growth: The moderating role of family
involvement in management. European Journal of Innovation Management, 23(1), 134–
155. https://doi.org/10.1108/EJIM-09-2018-0210

61

McConnell, B. (2021, May 5). Networks powered by Unite Us cited as models of communitylevel SDoH Interventions [Blog]. Unite Us. https://blog.uniteus.com/community-levelsdoh-solution
McDonald, R. E. (2007). An investigation of innovation in nonprofit organizations: The role of
organizational mission. Nonprofit and Voluntary Sector Quarterly, 36(2), 256–281.
https://doi.org/10.1177/0899764006295996
Mehrtens, J., Cragg, P. B., & Mills, A. M. (2001). A model of Internet adoption by SMEs.
Information & Management, 39(3), 165–176. https://doi.org/10.1016/S03787206(01)00086-6
Minton, S., & Giannarelli, L. (n.d.). Five things you may not know about the US social safety net
Urban Institute. https://www.urban.org/research/publication/five-things-you-may-notknow-about-us-social-safety-net
Miranda, M. Q., Farias, J. S., Schwartz, C. de A., & Lemos de Almeida, J. P. (2016). Technology
adoption in diffusion of innovations perspective: Introduction of an ERP system in a nonprofit organization. RAI Revista de Administracao e Inovacao, 13(1), 103+.
Mosley, J. E., & Smith, S. R. (2018). Human service agencies and the question of impact:
Lessons for theory, policy, and practice. Human Service Organizations: Management,
Leadership & Governance, 42(2), 113–122.
https://doi.org/10.1080/23303131.2018.1425953
Nah, S., & Saxton, G. D. (2013). Modeling the adoption and use of social media by nonprofit
organizations. New Media & Society, 15(2), 294–313.
https://doi.org/10.1177/146144481245241

62

National Academies of Sciences, Engineering, and Medicine; Health and Medicine Division;
Board on Population Health and Public Health Practice; Committee on CommunityBased Solutions to Promote Health Equity in the United States, (2017). Baciu A,
Negussie Y, Geller, A., & Weinstein, J. N. (Eds.). Communities in Action: Pathways to
Health Equity. National Academies Press (US). doi: 10.17226/24624
National Council of Nonprofits, (2022). Government grants/contracting. Retrieved April 2,
2022, from https://www.councilofnonprofits.org/trends-policy-issues/government-grantscontracting
Naseriasl, M., Adham, D., & Janati, A. (2015). E-referral solutions: Successful experiences, key
features and challenges- a systematic review. Materia Socio Medica, 27(3), 195.
https://doi.org/10.5455/msm.2015.27.195-199
National Council of Nonprofits. (2022). Nonprofit sector trends. Retrieved from
https://www.councilofnonprofits.org/nonprofit-sector-trends
Pare G., & Raymond L. (1991). Measurement of information technology sophistication in SMEs.
Proceedings of Administrative Sciences Association of Canada Nineteenth Annual
Conference, Canada, (pp. 90-101).
Ragones, D. (2020, September 2). 10 innovative nonprofits using technology to build resilience
through crisis. Retrieved from https://www.salesforce.org/blog/10-nonprofits-using-techfor-good/
Raday, S., Khrodel, N., & Chan, A. (2018). Human services organizations: Partnering for better
community health. Nonprofit Finance Fund. https://nff.org/report/human-servicesorganizations-partnering-better-community-health

63

Reckhow, S., Downey, D., & Sapotichne, J. (2020). Governing without Government: Nonprofit
governance in Detroit and Flint. Urban Affairs Review, 56(5), 1472–1502.
https://doi.org/10.1177/1078087419847531
Reddick, C. G. (2012). Public administration and information technology. Jones & Bartlett
Learning.
Rehan. (2019, July 31). Why digital transformation is crucial for nonprofits [Charity Village].
Retrieved from
https://charityvillage.com/why_digital_transformation_is_crucial_for_nonprofits/
Reich, D., Shapiro, I., Cho, C., & Kogan, R. (2017, February 22). Block-granting low-income
programs lead to large funding declines over time, history shows. Center on Budget and
Policy Priorities. Retrieved April 2, 2022, from https://www.cbpp.org/research/federalbudget/block-granting-low-income-programs-leads-to-large-funding-declines-over
Ressler, R. W., Paxton, P., Velasco, K., Pivnick, L., Weiss, I., & Eichstaedt, J. C. (2021).
Nonprofits: A public policy tool for the promotion of community subjective well-being.
Journal of Public Administration Research and Theory, 31(4), 822–838.
https://doi.org/10.1093/jopart/muab010
Roehr B. (2007). US has highest dissatisfaction with health care. BMJ: British Medical
Journal, 335(7627), 956. https://doi.org/10.1136/bmj.39388.639028.DB
Rogers, E. M. (2003). Diffusion of Innovations (5th ed). Free Press.
Schwencke, K., Tigas, M., Wei, S., Glassford, A., Souzzo, A., & Roberts, B. (2021). Nonprofit
explorer: Research tax-exempt organizations (Data). ProPublica. Retrieved from
https://projects.propublica.org/nonprofits/

64

Sherry, M., Blumgart, M., & Rosen, M. (n.d.). Building healthier communities: A community
action framework. Retrieved from https://uniteus.com/building-healthier-communities-acommunity-action-framework/
Singh, Y. (2019). Information communication technology (ICT) and its uses in public
administration. Journal of Advances and Scholarly Researches in Allied Education,
16(1), 1378–1380. https://doi.org/DOI: 10.29070/JASRAE
Slatten, L. A. D. (2012a). Something old and something new: Using the technology acceptance
model to evaluate nonprofit certification. International Journal of Organization Theory
& Behavior, 15(3), 423–449. https://doi.org/10.1108/IJOTB-15-03-2012-B003
Smith, S. R., & Phillips, S. D. (2016). The changing and challenging environment of nonprofit
human services: Implications for governance and program implementation. Nonprofit
Policy Forum, 7(1), 63–76. https://doi.org/10.1515/npf-2015-0039
Spelhaug, J., & Woodman, L. (2017). The new imperative of nonprofit digital transformation: A
strategic approach for achieving exponential impact through people, process, and
technology. Retrieved from https://solutionscenter.nethope.org/resources/the-newimperative-of-nonprofit-digital-transformation
Schwencke, K., Tigas, M., Wei, S., Glassford, A., Suozzo, A., & Roberts, B. (2013, May 9).
Nonprofit explorer. Nonprofit Explorer: Research Tax-Exempt Organizations. Retrieved
April 27, 2022, from https://projects.propublica.org/nonprofits/
Taherdoost, H. (2018). A review of technology acceptance and adoption models and theories.
Procedia Manufacturing, 22, 960–967. https://doi.org/10.1016/j.promfg.2018.03.137
TaxExemptWorld (2021). Nonprofit & 501C Organizations Santa Cruz County CA. [Data].
Retrieved from https://www.taxexemptworld.com/organizations/santa-cruz-county-cacalifornia.asp
65

Tian, L. (2011). Improving knowledge management between primary and secondary healthcarean e-referral project. Health Care And Informatics Online. Retrieved from
https://web.archive.org/web/20121116190500/http://www.hinz.org.nz/journal/2011/04/I
mproving-Knowledge-Management-between-Primary-and-Secondary-Healthcare--an-eReferral-Project-/1041#T1
The Build Health Challenge. (2018). Data sharing within cross-sector collaborations:
Challenges and opportunities. Retrieved from https://buildhealthchallenge.org/about/ourpartners/
The White House, President Barack Obama. (n.d.). Issues: Technology. Retrieved from
https://obamawhitehouse.archives.gov/issues/technology#
Thong, J., Y., L. (1999). An integrated model of information systems adoption in small
businesses. Journal of Management Information Systems .15 (4):187–214.
U.S. Department of Health and Human Services. (2021a). FY 2021 Justification of estimates for
appropriations committees. Retrieved from
https://www.acf.hhs.gov/sites/default/files/documents/olab/fy_2021_congressional_justifi
cation.pdf
U.S. Department of Health & Human Services. (2021). Social Determinants of Health Data
Sharing at the Community Level. Office of the Assistant Secretary for Planning and
Evaluation. Retrieved from https://aspe.hhs.gov/reports/social-determinants-health-datasharing-community-level
U.S. Department of Housing and Urban Development. (2019). Housing Choice Voucher
guidebook. Retrieved from
https://www.hud.gov/program_offices/public_indian_housing/programs/hcv/guidebookW

66

ang, Y.-B., Lin, K.-Y., Chang, L., & Hung, J. C. (2011). A diffusion of innovations
approach to investigate the RFID adoption in Taiwan logistics industry. Journal of
Computers, 6(3), 441–448. https://doi.org/10.4304/jcp.6.3.441-448
Ward, A. S. (2019, October). 5 Questions: Nonprofit leaders need answers for 2020. The
Nonprofit Times, 33(10). Retrieved from https://nobarriersusa.org/questions-to-ask-anonprofit-organization/
Welch, S., & Comer, J. C. (2006). Quantitative methods for public administration: Techniques
and applications. Waveland Press.
Young, N., & Lezin, N. (2021, October 26). CORE coffee chat on an introduction to
collaborative impact [Webinar]. Optimal Solutions Consulting.
https://www.youtube.com/watch?v=RNlt9lPsYSg
Zorn, T. E., Flanagin, A. J., & Shoham, M. D. (2011). Institutional and noninstitutional
influences on information and communication technology adoption and use among
nonprofit organizations. Human Communication Research, 37(1), 1–33.
https://doi.org/10.1111/j.1468-2958.2010.01387.x

67

Appendix A: Lee & Blouin (2019) Innovation Adoption Model

68

Appendix B: Health and Human Service Nonprofits Identified for this Study
Advocacy Inc

Janus of Santa Cruz

Autism Family Network

Live Like Coco

Balance SCC (formerly Balance 4 Kids)

Mental Health Client Action Network

Barrios Unidos (Eastside)

MENtors

Big Brothers Big Sisters

Monarch Services

Bird School Project

New Life Community Services

Camphill Communities California

Nonviolent Communication

CCCIL

Pajaro Loaves and Fishes

Central Coast Energy Services

Pajaro Valley Shelter services

CAB

Santa Cruz County Society of St Vincent De

Community Bridges

Pregnancy Resource Center of Santa Cruz County

Community Life Services

San Andreas Regional Center

Conflict Resolution Center

Santa Cruz Community Ventures

CASA

Diversity Center

Dientes Community Dental Care

Second Harvest Food Bank

Encompass Community

Seniors Council

Family Service Agency

Senior Legal Services

Food What?

Senior Network Services

Girls Inc. of the Central Coast

Shared Adventures

Grey Bears

Teen Kitchen

Habitat for Humanity

The Uilani Fund

Health Improvement Partnership

Valley Churches United

Health Projects Center

Vista Center for the Blind

Homeless Garden Project

Volunteer Center of Santa Cruz

Hopes Closet of Santa Cruz

Walnut Avenue Women's Center

Housing Matters

Warming Center Program

Jacobs Heart

Wings Homeless Advocacy
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Appendix D – Survey Questionnaire
1.

Consent to complete the survey
☐ Yes

☐ No

2. Our organization has received written or verbal information about a web-based coordinated
social service referral tool that is being used by health and social service organizations in
Santa Cruz County to send/receive electronic referrals. (If yes is selected they skip to Q3 if
No or I don’t know is selected they skip to Q2.)
☐ Yes

☐ No

☐ I don’t know

3. I know about web-based coordinated referral tools, that they are used to send/receive
referrals electronically through an online coordinated network of health and social service
providers.
☐ Yes

☐ No

4. How would you rate your attitude towards web-based coordinated social service referral
tools?
☐ Very Favorable

☐ Favorable

☐ Neither favorable or unfavorable ☐ Unfavorable

☐ Very Unfavorable
5. I think sending/receiving referrals using a web-based coordinated referral tool would save
staff time.
☐ Strongly Agree

☐ Agree

☐ Neither Agree nor Disagree ☐ Disagree

☐ Strongly Disagree
6. I believe using web-based coordinated referral technology is compatible with the way my
organization currently sends/receives referrals.
☐ Strongly Agree

☐ Agree

☐ Neither Agree nor Disagree ☐ Disagree

☐ Strongly Disagree
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7. It is easy to understand how web-based coordinated referral tools are used to send/receive
referrals.
☐ Strongly Agree

☐ Agree

☐ Neither Agree nor Disagree ☐ Disagree

☐ Strongly Disagree
8. My organization has an adequate budget to support using a web-based coordinated referral
tool.
☐ Strongly Agree

☐ Agree

☐ Neither Agree nor Disagree ☐ Disagree

☐ Strongly Disagree
9. Overall, my staff has the knowledge and ability to use a web-based coordinated referral tool.
☐ Strongly Agree

☐ Agree

☐ Neither Agree nor Disagree ☐ Disagree

☐ Strongly Disagree
10. I have been encouraged by others in this organization to adopt a web-based coordinated
referral tool to send/receive referrals electronically.
☐ Strongly Agree

☐ Agree

☐ Neither Agree nor Disagree ☐ Disagree

☐ Strongly Disagree
11. I have been encouraged by others outside this organization to begin using the web-based
coordinated referral tool.
☐ Strongly Agree

☐ Agree

☐ Neither Agree nor Disagree ☐ Disagree

☐ Strongly Disagree
12. Age
☐ < 25

☐ 26-35

☐ 36-45 ☐ 46-55 ☐ 56-65 ☐ 66+

13. Gender
☐ Agender

☐ Cisgender

gender ☐ prefer not to say

☐ female ☐ genderqueer ☐ male ☐ non-binary/third

☐ prefer to self-describe

☐ transgender
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14. Race
☐ American Indian or Alaskan Native

☐ Asian

☐ Back or African American

☐ Native Hawaiian or Other Pacific Islander ☐ White ☐ some other race, ethnicity,
or origin ☐ prefer to self-describe

☐ prefer not to say

15. Ethnicity
☐ No, not of Hispanic, Latino/a/x, or Spanish origin
American, Chicano/a/x

☐ Yes, Mexican, Mexican

☐ Yes, Puerto Rican☐ Yes, Cuban ☐ Yes, Another

Hispanic, Latino/a/x, or Spanish origin ☐ some other race, ethnicity, or origin ☐ prefer
to self-describe

☐ prefer not to say

16. Number of Employees
☐ 0-19

☐ 20-49

☐ 50-99 ☐ 100-200 ☐ more than 200

17. Annual budget
☐ $0-$249,000

☐ $250,000-$999,999

☐ $1,000,000-$2,499,999 ☐ $2,500,000-

$9,999,999 ☐ $10,000,000+
18. This organization joined the Unite Us Network
☐ Yes

☐ No
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